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Gender inequality in the labour market outcomes 
• The economic structural transformation has led to 
unprecedented numbers of women participation in the 
economic activity.  
• The labour market continues to display significant 
disparities in the opportunities presented to men and 




Representation Ratio in Eight Major Non-Agricultural 
Occupations by Gender in Malaysia, 2008 
 
• Household Income Survey Data 1995 - full-time employed 
male workers earn 1.3 times more than their female 
counterparts (Nagaraj et al., 2002).  
• Malaysian Household Survey data 1984, 1989 and 1997 -  
Millanovic (2001) reported that the female-male real hourly 
wages ratio stood as 0.64 in 1984 and improved to 0.82 in 
1989. The gap remained noticeable in 1997 at around 28%.  
• Other studies in Malaysia also revealed that women 
consistently earn less than men (see Chua, 1984; Chapmen 
and Harding, 1986; Lee and Nagaraj, 1995; Ariffin et al., 1996; 




• A substantial fraction of the persistent gender earnings gap is 
attributed to the unequal treatment of workers of equal 
productivity.  
 
• In literature, when a wage gap remains after controlling for 
differences in productivity-link characteristics between sexes, 
it reflects discriminatory constraints in the labour market for 
women.  
• This interpretation, however, is perceived as a less than 
wholly satisfactory measure. 
4 
Empirical measurement of wage discrimination 
 In analysing gender wage gap, research efforts tend to 
separate the gap into 2 components: differences in 
characteristics and differences in the rewards to those 
characteristics. 
• Parametric – OLS 
 Oaxaca (1973), Blinder (1973); Oaxaca and Ransom (1994), Juhn et 
al. (1991, 1993), Blau and Khan (1997, 2003)  
• Semiparametric – Quantile Regression 
  Gardeazabal and Ugidos (2005), Machado and Mata (2005), 
Felgueroso et al. (2007), Nicodemo (2009) 
• Nonparametric   
 DiNardo et al. (1996) 
5 
Motivations of this study 
• The existing wage gap evidence in Malaysia focuses solely on 
OLS decomposition. It focuses the gap at the mean, it ignores 
an important part of the story, in that it heroically assumes 
the gap to be constant at other points of wage distribution. 
 
• Attention has been shifted to quantile regression in 
developed countries, this line of research has yet been 
explored in the context of the Malaysian labour market.  
• Official statistics of income distribution in Malaysia across the 
whole distribution display only according to ethnic groups and 
states.  
• The mandatory minimum wages policy will be implemented 
for the first time in Malaysia in January 2013. 
6 
Data 
• The data are drawn from the Malaysia Family and Population 
Survey (MFPS), a cross-section survey conducted separately at 
two points in time, 1994 and 2004. 
 
Table 1: The Distribution of Respondent by Gender and Type of Survey, 1994-2004 
Year of Survey and Type Male Female 
MPFS 3 1994 4238 (4097) 4444 (2020) 
Married women aged 15-49, 2004  3693 (1726) 
Spouses of married women, 2004 2626 (2504)  
Youths aged 13-24, 2004 268 (199) 227 (164) 
Citizens aged 50 and above, 2004 354 (219) 927 (316) 
Unmarried aged 25-49, 2004 370 (318) 251 (205) 
Note: The numbers in parentheses represent respondents who are in the 16-64 age groups and 
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Figure 6.1: Unconditional Gender 
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       Figure 6.2: Unconditional 
Gender Wage Gap, Restricted 
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Figure 6.3: Unconditional 




Quantile Regression and the Wage Gap Decomposition 
 
• Following Koenker and Bassett (1978) and Buchinsky (1998), 
the wage equation at different quantiles of wage distribution 
is specified as   
 
 the distribution function of the error term for the th quantile 
is left unspecified, but with the assumption that 
 
• the vector of coefficients  is estimated by minimising the sum 
of absolute value of the weighted residual, ranging from 
0<<1 : 
10 
Correction for Sample Selection based on Buchinsky (1998)  
• In the presence of sample selection, the conditional quantile of the 
observed wage equation is specified as: 
 
        
 where                                                        .  
 
• Assuming the quantity  is a function of a known index g, the 
observed wage specification can be expressed as: 
                                          with  
 
• Buchinsky suggests a series of estimators and we restrict to two 
selection bias terms (namely the linear bias term and its square). 
These are then used to compute the unknown form of sample 
selection in the quantile regression in the second stage. 
11 
Quantile wage decomposition 
• The wage differential at various quantiles between men and 





• Follow the procedure developed by Felgueroso et al. (2007) which 
based on Machado and Mata (2005) to determine the 
counterfactual female wage density. 
 lnwcfi= Xifm  if women’s labour market characteristics are rewarded by 
the same prices as are paid to men at each quantile; or lnwcfi= Ximf.  
 
• The decomposition of the difference between men and women 
wage densities can be specified as: 
                                                                                                        + resd.   (7) 




• While the application of the Buchinsky method is instructive, 
it comes at a cost – estimation of the first stage of the model 
(using the Klein and Spady estimator) is highly computer-
intensive. 
 
• we simply follow the simpler approach of Manquilef-Bachler 
et al. (2009) – that is we estimate the selection terms under a 




Table 3: Quantile Regression With and Without Correction for Selection Bias, 
1994-2004 
 























































































































































 0.2207 0.2206 0.2202 0.2586 0.2582 
N 2018   4077  
 
14 
Panel B: Female 2004 Restricted  
Sample 



















































































































 0.2604 0.2602 0.2639 0.2631 
N 1724  2503  
 
15 
Panel C: Female 2004 Unrestricted  
Sample 
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Figure 6.7: Kernel Density Earning 
Differential between Men and Women 
if Women had Men’s Characteristics 
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Figure 6.8: Kernel Density 
Earning Differential between Men 
and Women if Women had Men’s 
Characteristics and Women’s 
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Figure 6.9: Kernel Density Earning 
Differential between Men and 
Women if Women had Men’s 
Characteristics and Women’s 
Returns, Unrestricted Sample 2004 
Wage Differential between Men and Women that had Men’s 
Characteristics and Paid Like Women 
           1994 
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percentile
95% CI wage gap lpoly smooth
kernel = epanechnikov, degree = 0, bandwidth = 2.79, pwidth = 4.19
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Panel A: 1994 
Differences in 
characteristics 














Total raw wage gap 0.6931 0.5878 0.5596 0.2877 0.5108 0.5296 
Panel B: restricted sample 2004   
Differences in 
characteristics 














Total raw wage gap 0.6931 0.4418 0.4054 0.2877 0.2877 0.4520 
Panel C: unrestricted sample 2004   
Differences in 
characteristics 














Total raw wage gap 0.6931 0.5596 0.3830 0.2364 0.3102 0.4248 
Note: Figures in parentheses are computed based on counterfactual women density if they 
had men’s characteristics but were paid like women. 
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Conclusions 
• We have found that the gender earnings gap declines as we move 
up the wage distribution. The gap is bigger at the bottom of 
earnings distribution. 
 
• Most of the earnings gap is explained by differences between the 
price that the market pays to male and female endowments. But 
the extent of the price effect is larger at the bottom end of the 
distribution than at the top.  
 
• In terms of policy, these findings suggest that the focus should be 
on finding ways to improve the returns to characteristics earned by 
women at the bottom end of the distribution.  
• One possibility would be to require large employers to undertake 
job evaluations and to remunerate their workers, regardless of 
gender. Another possibility is to introduce affirmative action. 
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